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ABSTRACT
Objectives: This narrative review synthesizes published evidence on the applications, benefits, limitations and governance 
considerations of ChatGPT and large language models (LLMs) in nursing, across three domains: education, clinical practice and 
workflow management.
Design: The article was conducted as a narrative review.
Methods: A structured literature search was conducted in Medline (via PubMed), Scopus and arXiv, covering publications 
from January 2019 to March 2026. Peer-reviewed original studies, systematic reviews, scoping reviews, narrative reviews and 
expert commentaries addressing LLM applications in nursing education, clinical practice or workflow were eligible for inclusion. 
Studies limited exclusively to non-nursing medical specialties without transferable nursing implications were excluded. Findings 
were narratively synthesized across five thematic domains by authors with subject-matter expertise in each area.
Results: In nursing education, ChatGPT demonstrates utility as an adaptive cognitive scaffold, supporting theoretical learning, 
simulation-based training and virtual patient encounters, though unregulated use poses risks to academic integrity and inde-
pendent clinical reasoning. In clinical practice, LLMs can assist with preliminary symptom assessment and patient education 
material generation; however, performance deteriorates markedly in complex or data-sparse clinical scenarios and hallucination 
rates remain clinically significant. In workflow management, ChatGPT shows promise in reducing documentation burden and 
supporting administrative tasks, though data privacy obligations under frameworks such as GDPR constrain real-world de-
ployment. Across all domains, concerns persist regarding algorithmic bias, professional accountability and the absence of clear 
medico-legal frameworks governing AI-related clinical errors.
Conclusion: ChatGPT and related LLMs are best positioned as auxiliary tools that augment rather than replace professional 
nursing judgement. Safe and ethical integration requires the development of AI literacy curricula, institutionally governed de-
ployment frameworks, mandatory human-in-the-loop verification protocols and longitudinal evaluation of patient safety out-
comes. Nurses must play an active role in shaping the responsible adoption of generative AI in healthcare.
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Implications for Practice and Research: 1. Nurses must treat AI-generated content as a preliminary draft requiring manda-
tory human verification before clinical or documentation use. 2. Institutions should prioritize closed-loop, enterprise-grade AI 
deployments over public platforms to ensure GDPR compliance. 3. AI literacy must be embedded in undergraduate and contin-
uing nursing education curricula. 4. Longitudinal research on patient safety outcomes following real-world LLM deployment in 
nursing is urgently needed.
Reporting Method: As a narrative review, this article followed established guidance for the conduct and reporting of narrative 
reviews.
Patient or Public Contribution: There was no patient or public involvement in this narrative review.

1   |   Introduction

Artificial intelligence (AI), particularly generative AI based on 
large language models (LLMs) such as ChatGPT, is becoming 
an influential component of digital transformation in health 
care. Unlike earlier clinical AI systems focused primarily on 
prediction or imaging, LLMs generate fluent text and therefore 
intersect directly with domains central to nursing practice, in-
cluding clinical documentation, patient education, handovers, 
care planning and professional learning. At the same time, 
health systems worldwide face converging pressures—work-
force shortages, increasing patient complexity and expanding 
documentation requirements—creating strong incentives to 
adopt tools that promise efficiency gains and improved access 
to information wang (Hobensack et al. 2024; Peng et al. 2025; 
Wang et al. 2023; Zhou et al. 2024).

LLMs are trained to predict language patterns from large data-
sets rather than to verify facts against curated clinical databases 
in real time. Consequently, they may produce hallucinations—
confident but inaccurate or unsupported statements—reflecting 
probabilistic text generation rather than clinical reasoning (Ji 
et al. 2023). In healthcare contexts, such plausible but incorrect 
outputs pose patient safety risks, particularly when persua-
sive language amplifies automation bias and reduces critical 
appraisal by users (Nguyen  2024). These risks are especially 
salient in nursing, where documentation has medico-legal im-
plications, communication quality directly influences patient 
understanding and adherence, and clinical decisions must inte-
grate evolving patient data with professional judgement.

Recent reviews indicate growing interest in ChatGPT within 
nursing across education, clinical practice and administrative 
workflow, yet the evidence base remains uneven and dominated 
by simulations, perception studies and controlled vignettes 
rather than real-world implementation outcomes (Hobensack 
et al. 2024; Peng et al. 2025; Zhou et al. 2024). Existing litera-
ture highlights opportunities for increased efficiency, improved 
access to knowledge and enhanced support for education and 
documentation, while simultaneously emphasizing unresolved 
concerns regarding accuracy, transparency, data privacy and 
academic integrity (Abujaber et al. 2023; Hobensack et al. 2024; 
Peng et al. 2025).

Globally, governance frameworks increasingly emphasize that 
AI for health must protect autonomy, safety, accountability and 
equity. The World Health Organization (WHO) calls for human 
oversight, clear allocation of responsibility and safeguards 
against harm in AI-enabled care (WHO  2021). Similarly, the 
OECD principles on trustworthy AI stress transparency, robust-
ness and alignment with human rights and democratic values 
(OECD 2019). Professional nursing organizations reinforce that 
AI should augment—not replace—clinical judgement and rela-
tional care, highlighting the need for AI literacy and human-
in-the-loop use to maintain accountability and patient trust 
(American Nurses Association  2022; International Council of 
Nurses 2023).

Against this rapidly evolving global landscape, understanding 
the implications of ChatGPT for nursing practice, education 
and workflow is essential. This narrative review synthesizes 
published evidence on current and emerging applications of 
ChatGPT in nursing and examines: (1) areas of use across edu-
cation, clinical practice and administration; (2) tasks where per-
formance appears reliable versus those associated with higher 
risk; and (3) safeguards—including verification practices, 

Highlights

What Is Already Known?

1.	ChatGPT and large language models are increasingly 
used in healthcare, but evidence in nursing remains 
fragmented and dominated by single-domain studies.

2.	Hallucinations and data privacy risks have been iden-
tified as barriers to clinical deployment.

3.	Most existing reviews focus on Anglo-American con-
texts and do not address governance constraints spe-
cific to European regulatory frameworks.

What This Paper Adds?

1.	A comprehensive, up-to-date synthesis (to March 
2026) of ChatGPT applications across nursing edu-
cation, clinical practice and workflow management 
within a single review.

2.	Consolidation of quantified hallucination rates (up to 
83% in clinical vignettes; > 25% in bibliographic refer-
ence generation) is directly relevant to nursing safety 
decision-making.

3.	Identification of a medico-legal accountability vac-
uum when LLM-generated content contributes to 
clinical errors—a gap not previously articulated in 
nursing literature.

4.	Integration of GDPR constraints and Central 
European (Polish) healthcare workforce context, ex-
tending the evidence base beyond predominantly 
Anglo-American settings.
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governance frameworks and professional competencies—re-
quired for safe and ethical integration internationally.

1.1   |   Review Design and Search Strategy

This article was conducted as a narrative review aimed at syn-
thesizing published evidence on the applications, benefits, lim-
itations and governance considerations of ChatGPT and large 
language models (LLMs) in contemporary nursing. The narra-
tive review format was selected given the breadth and hetero-
geneity of the available literature, which encompasses diverse 
study designs, clinical contexts and disciplinary perspectives 
that preclude formal meta-analysis. The review addresses three 
overarching objectives: (1) to map current and emerging areas of 
application of ChatGPT across nursing education, clinical prac-
tice and workflow management; (2) to appraise the reliability and 
limitations of LLM performance, distinguishing tasks where ev-
idence supports acceptable accuracy from those associated with 
elevated clinical or educational risk; and (3) to identify safeguards 
required for safe and ethical integration, including verification 
practices, institutional governance frameworks and profes-
sional competencies. To achieve these objectives, the review is 
structured across five thematic domains. The first examines 
ChatGPT in nursing education, encompassing theoretical learn-
ing, simulation-based and virtual patient training and challenges 
to academic integrity. The second addresses clinical nursing 
practice, covering clinical reasoning and symptom assessment, 
emergency nursing and triage and patient communication and 
education. The third analyses nursing workflow applications, 
including documentation efficiency, care planning and admin-
istrative and organizational functions. The fourth considers ethi-
cal, legal and professional dimensions, specifically accuracy and 
patient safety, data confidentiality and GDPR compliance, algo-
rithmic bias and fairness and professional responsibility and ac-
countability. The fifth section discusses practical implications for 
nursing practice, education and policy in the context of ongoing 
digital health transformation.

1.2   |   Search Strategy

A structured literature search was performed in Medline (via 
PubMed), Scopus and arXiv. The search covered publications 
from January 2019 to March 2026. The start date of 2019 was 
selected to coincide with the publication of the OECD Principles 
on Artificial Intelligence and the emergence of transformer-
based large language models as clinically relevant technologies, 
thereby capturing both the foundational governance frame-
works and the evolving empirical evidence on their application 
in healthcare and nursing. The search was limited to publica-
tions in English. No restrictions were placed on study design; 
however, priority was given to peer-reviewed original studies, 
systematic reviews, scoping reviews, narrative reviews and ex-
pert commentaries published in nursing, medical education and 
health informatics journals.

Search terms were combined using Boolean operators (AND/OR) 
and included: ‘ChatGPT’ OR ‘large language model’ OR ‘gener-
ative artificial intelligence’ OR ‘GPT-4’ OR ‘LLM’ AND ‘nurs-
ing’ OR ‘nurse’ OR ‘nursing education’ OR ‘nursing practice’ OR 

‘nursing documentation’ AND ‘healthcare’ OR ‘clinical practice’ 
OR ‘patient safety’ OR ‘patient education’. Additional targeted 
searches were conducted using terms specific to each domain 
covered in the review, including ‘triage’, ‘care planning’, ‘clin-
ical simulation’, ‘academic integrity’, ‘hallucination’, ‘bias’ and 
‘GDPR’.

Reference lists of included studies were manually screened to 
identify additional relevant publications. All records were im-
ported into Zotero for reference management and deduplication.

1.3   |   Inclusion and Exclusion Criteria

Studies were included if they: (1) reported empirical or theoret-
ical findings concerning the application of ChatGPT or other 
LLMs in nursing education, clinical nursing practice, or nurs-
ing workflow; (2) were published in peer-reviewed journals or 
as preprints on recognized repositories (arXiv); and (3) were 
available in full text. Studies were excluded if they were limited 
exclusively to non-nursing medical specialties without transfer-
able implications for nursing, if they addressed AI systems unre-
lated to natural language generation, or if they were conference 
abstracts without sufficient methodological detail. Given the 
rapidly evolving nature of the field, preprint publications were 
included where relevant and where findings were consistent 
with peer-reviewed sources.

1.4   |   Data Synthesis

Given the heterogeneity of study designs and outcomes across 
the included literature, a formal quantitative synthesis was not 
conducted. Instead, findings were narratively synthesized by 
thematic domain. Each section of this review was developed 
by a designated author with subject-matter expertise in the 
relevant area, and all contributions were subsequently harmo-
nized for consistency of terminology and analytical framing. 
The review followed guidance for narrative reviews as outlined 
by Ferrari  (2015) and adhered to the principles of transparent 
reporting throughout. Where evidence was conflicting or lim-
ited, this is explicitly acknowledged within the relevant sections. 
Screening proceeded in two stages. Records were screened 
against the eligibility criteria by title and abstract and then read 
in full where relevant and reference lists were checked for fur-
ther sources. In keeping with a narrative review, sources were 
appraised qualitatively for relevance, design and consistency 
with the wider literature rather than scored with a formal risk-
of-bias tool (Page et al. 2021).

2   |   ChatGPT in Nursing Education

2.1   |   Enhancing Theoretical Learning

Nursing students often use ChatGPT to clarify difficult con-
cepts, summarize course content and generate explanatory ma-
terials. Studies show that ChatGPT can assist in understanding 
pathophysiology, pharmacology and nursing theories, offering 
accessible explanations at various levels of complexity (Luo 
et al. 2025; Wang, Wan, et al. 2024). Educators similarly leverage 
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the tool to develop quizzes, adapt materials for diverse learners 
and support formative assessment (Abujaber et al. 2023).

ChatGPT is particularly effective for knowledge-based tasks, 
such as answering quiz-style questions and demonstrates high 
accuracy in areas aligned with standardized nursing curricula. 
Some studies found that ChatGPT achieved passing-level perfor-
mance on nursing examinations or national licensing test items 
(Jin et  al.  2024; Wang, Wan, et  al.  2024). However, accuracy 
decreases when exam questions require multi-step reasoning 
or knowledge of local guidelines, which is especially relevant 
in countries like Poland, where practice standards differ from 
Anglo-American models.

Theoretical learning constitutes the cognitive foundation of 
nursing education, encompassing not only the acquisition and 
integration of conceptual knowledge but also the metacogni-
tive regulation of learning processes that structure subsequent 
clinical reasoning and professional judgement (Guerreiro and 
Aschidamini 2025). Emerging literature increasingly positions 
generative AI systems, such as ChatGPT, as interactive cogni-
tive scaffolds that can enhance this domain when embedded 
within intentional pedagogical design (Gerçek et al. 2025; Tam 
et al. 2023). These systems extend the learning environment by 
supporting conceptual clarification, adaptive explanation and 
iterative reinforcement of theoretical content while activating 
reflective engagement with knowledge construction rather than 
replacing instruction (Tran et al. 2025).

Empirical evidence suggests that nursing students employ 
ChatGPT primarily to clarify complex theoretical material, syn-
thesize information and explore conceptual relationships across 
biomedical and disciplinary knowledge domains (Abujaber 
et  al.  2023; Gunawan et  al.  2024). Such interactions reduce 
cognitive barriers to comprehension, particularly for novice 
learners navigating abstract theoretical frameworks (Tam 
et al. 2023). Performance analyses in standardized examination 
contexts further demonstrate that large language models can 
align with theoretical knowledge structures, although variabil-
ity persists depending on contextual complexity and question 
design (Moskovich and Rozani 2025; Zhang et al. 2025). These 
findings indicate that AI systems may support foundational 
knowledge acquisition while encouraging self-directed engage-
ment with theoretical content and personalized learning trajec-
tories (Gerçek et al. 2025).

Importantly, the pedagogical value of generative AI arises not 
solely from information delivery but from the metacognitive 
processes activated during interaction. Iterative prompting, 
response evaluation and dialogic exploration foster reflective 
learning and conceptual deepening, aligning with principles 
of adaptive and personalized education (Liu et  al.  2023; Tam 
et  al.  2023). Within this framework, generative AI functions 
as adaptive scaffolding that stimulates epistemic awareness, 
prompting students to justify reasoning and monitor under-
standing through iterative questioning (Srinivasan et al. 2024). 
However, unregulated reliance on AI risks superficial learning, 
erosion of independent judgement and loss of epistemic own-
ership, threats that carry professional implications in a disci-
pline grounded in accountability and patient safety (Abujaber 
et al. 2023; Tam et al. 2023).

The literature consistently cautions against reducing theoreti-
cal learning to rapid information retrieval. Conceptual mastery 
requires disciplined reasoning and epistemic accountability; 
technologies that accelerate access to answers must not erode 
cognitive ownership of understanding (Srinivasan et al. 2024). 
Qualitative evidence demonstrates that students maintain 
ambivalent trust toward AI, recognizing its utility while re-
jecting its substitution for professional judgement (Gunawan 
et  al.  2024). Studies evaluating AI-generated nursing texts re-
veal variability in accuracy and completeness, reinforcing the 
necessity of educator oversight, epistemic verification of outputs 
and critical appraisal against evidence-based sources (Gerçek 
et al. 2025; Ma et al. 2025).

From a normative perspective, integration of generative AI into 
theoretical learning must follow explicit pedagogical principles. 
AI should function as guided scaffolding rather than cognitive 
outsourcing; its use must remain transparent, ethically governed 
and aligned with academic integrity; and educators must re-
tain epistemic authority over knowledge validation (American 
Nurses Association 2022). Responsible AI literacy, therefore, be-
comes part of professional accountability in nursing education. 
Institutions are encouraged to adopt blended pedagogical models 
that combine AI-augmented study with secure in-person assess-
ment to preserve independent competence (Abujaber et al. 2023). 
Under these conditions, generative AI represents a legitimate 
amplifier of theoretical learning. The challenge for nursing ed-
ucation is therefore not whether AI belongs in the curriculum, 
but how to harness its scaffolding potential while preserving the 
intellectual rigour and humanistic core that define professional 
formation (Gerçek et al. 2025; Tam et al. 2023).

2.2   |   Simulation and Virtual Patient Training

Simulation-based education plays a central role in contemporary 
nursing training because it allows students to practice clinical 
assessment, communication and decision-making in a safe en-
vironment before interacting with real patients. Traditionally, 
simulation relies on standardized patients, high-fidelity man-
nequins, or immersive technologies such as virtual reality. 
Although these approaches are effective, they require substan-
tial financial investment, specialized infrastructure and trained 
personnel, which may limit accessibility and scalability across 
educational institutions. Recent advances in artificial intelli-
gence (AI), particularly large language models (LLMs) such as 
ChatGPT, offer a complementary approach by enabling dynamic 
and interactive virtual patient simulations. These systems allow 
students to engage in conversational clinical encounters that 
replicate elements of real patient interviews, thereby expand-
ing opportunities for experiential learning in nursing education 
(Chokkakula et al. 2025; Scherr et al. 2023).

One of the most significant advantages of LLM-based simula-
tions is their capacity for natural language interaction. Unlike 
traditional scripted simulations, ChatGPT can generate re-
sponses in real time based on student questions, allowing learn-
ers to conduct history taking, clinical reasoning and patient 
education within a conversational framework. This interactive 
format promotes active learning and repeated practice, which 
are essential for developing communication and assessment 
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skills. In a study evaluating ChatGPT as a virtual patient in 
nursing simulation training, students reported high engagement 
and perceived educational benefits, particularly in practicing 
patient interviews and therapeutic communication. Such find-
ings suggest that conversational AI can function as an accessi-
ble supplementary training tool alongside traditional simulation 
modalities (Benfatah et al. 2024).

Recent experimental research further supports the potential ed-
ucational value of AI-driven patient simulations. A cross-over 
randomized controlled trial conducted by Fung et  al.  (2025) 
compared generative AI–based patient simulation with immer-
sive 360° virtual reality simulation among undergraduate nurs-
ing students. Both simulation approaches significantly improved 
students' perceived clinical competence, cultural awareness and 
readiness to use AI in healthcare. Notably, when generative 
AI simulation was implemented first, students demonstrated 
greater initial improvements in clinical competence and AI 
readiness compared with those who first experienced virtual 
reality simulation. These results indicate that AI-driven patient 
simulation may represent an effective and scalable alternative to 
more resource-intensive digital simulation methods.

In addition to functioning as virtual patients, large language 
models can support educators in the development of simulation 
content. ChatGPT can generate clinical case scenarios, patient 
histories, assessment findings and dialogue prompts that align 
with specific learning objectives. This capability may reduce the 
time and effort required to design simulation exercises while 
also allowing educators to rapidly adapt cases to different clin-
ical contexts. For example, AI-generated scenarios can be used 
to support training in emergency care, chronic disease manage-
ment, mental health assessment, or telehealth consultations. A 
recent pilot study demonstrated that ChatGPT-supported dia-
logues and simulated scenarios improved nursing students' con-
fidence and readiness for telehealth clinical practice, illustrating 
how AI-generated simulations can prepare students for emerg-
ing models of healthcare delivery (Paul 2025; Peralta Ramirez 
et al. 2025).

Despite these promising developments, the integration of 
ChatGPT and other LLMs into nursing simulation raises several 
important limitations and ethical considerations. Studies have 
shown that generative AI systems may occasionally produce in-
complete, inaccurate, or overly generalized clinical information. 
Such inaccuracies may negatively influence learning if simula-
tions are used without appropriate supervision. Furthermore, 
LLM-based systems currently lack nonverbal cues and contex-
tual awareness that are essential components of real clinical 
encounters. For these reasons, recent literature consistently 
emphasizes that AI-generated simulations should be used as 
complementary educational tools rather than replacements for 
traditional simulation methods. Faculty oversight remains es-
sential to validate clinical accuracy, guide reflection and ensure 
alignment with evidence-based nursing practice (Chokkakula 
et al. 2025).

Overall, the literature suggests that ChatGPT and other large lan-
guage models have considerable potential to enhance simulation-
based learning in contemporary nursing education. Their 
primary strengths include scalability, conversational realism 

and the ability to rapidly generate diverse clinical scenarios for 
repeated practice. At the same time, responsible implementation 
requires careful integration into curricula, ongoing evaluation of 
educational outcomes and continued involvement of educators to 
ensure pedagogical quality and clinical reliability. When applied 
thoughtfully, AI-supported virtual patient training may comple-
ment traditional simulation approaches and contribute to more 
flexible, accessible and adaptive nursing education in the digital 
era (Fung et al. 2025; Scherr et al. 2023).

2.3   |   Challenges for Academic Integrity

The incorporation of large language models (LLMs), such as 
ChatGPT, into nursing education presents substantial chal-
lenges to academic integrity and scholarly practice. ChatGPT 
can rapidly generate coherent, well-structured text on complex 
nursing topics, thereby challenging traditional assessment ap-
proaches that rely heavily on essays, case studies and reflec-
tive writing as indicators of individual learning (Dempere 
et  al.  2023; Evangelista  2025). Consequently, educators face 
growing difficulty in distinguishing authentic student work 
from AI-generated outputs and in verifying that assignments 
accurately reflect students' knowledge, reasoning abilities and 
ethical awareness (Ateeq et al. 2024; Sengul et al. 2025).

Plagiarism and ghostwriting are significant risks in this context. 
Because ChatGPT produces novel text rather than reproduc-
ing material from existing sources, conventional plagiarism-
detection software often fails to identify AI-generated 
submissions, thereby obscuring breaches of academic integrity 
(Eke 2023). Moreover, LLMs sometimes fabricate or improperly 
modify references, creating citations that appear legitimate but 
either do not exist or fail to support the associated arguments 
(Chelli et al. 2024; Walters and Wilder 2023). The uncritical in-
clusion of such fabricated citations undermines the reliability of 
scholarly discourse and increases the verification burden placed 
on instructors.

Beyond issues of originality, the growing reliance on genera-
tive AI risks eroding essential cognitive and professional skills. 
Overdependence on ChatGPT can weaken students' capacity 
for critical appraisal, ethical deliberation and evidence-based 
synthesis, which are fundamental to sound clinical judgement 
(El Arab et  al.  2025; Naqvi et  al.  2025). Automation bias may 
also emerge when learners accept AI-generated content as au-
thoritative, given the model's persuasive and self-assured tone 
(Nguyen  2024; Sun et  al.  2025). In a profession grounded in 
contextual reasoning and empathetic decision-making, such 
tendencies raise concerns regarding the deception of future 
practitioners and potential implications for patient safety.

In response, scholars advocate for a shift from prohibition to 
structured, transparent and pedagogically informed integra-
tion of AI within nursing education. Recommended strategies 
include the establishment of institutional policies governing 
generative AI, explicit expectations for disclosure of AI use 
and assessment designs that prioritize process-oriented com-
ponents—such as drafts, reflective commentaries and viva ex-
aminations—alongside final submissions (Dempere et al. 2023; 
Evangelista  2025). Embedding AI literacy within nursing 
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curricula—encompassing principles of capability, limitation, 
bias, hallucination and data privacy—can empower students to 
employ ChatGPT as a supportive tool for brainstorming, clar-
ification, or linguistic enhancement while maintaining intel-
lectual accountability and ethical standards (Ruksakulpiwat 
et al. 2024). Academic integrity, therefore, can be preserved not 
by rejecting technological advancement but by integrating it 
within a deliberate ethical and pedagogical framework.

Recent qualitative evidence from nursing education adds an 
empirical anchor to these largely conceptual concerns. In a de-
scriptive phenomenological study of fourteen nursing faculty 
members, Durmuş Sarıkahya et al. (2025) found that ChatGPT 
was valued for supporting theoretical learning, time manage-
ment and the preparation of instructional materials, yet faculty 
consistently identified the same risks that recur throughout this 
review, namely uncertain information accuracy, a perceived 
erosion of students' critical thinking and unresolved ethical 
concerns. Faculty also judged the tool useful for care planning 
and patient education but insufficient for developing practical 
clinical skills, which echoes the performance ceilings reported 
in the clinical-reasoning and care-planning literature discussed 
later in this review. The participants framed the appropriate re-
sponse not as prohibition but as a need for explicit institutional 
ethical policies and structured faculty training, aligning closely 
with the AI literacy and governance measures advocated here. 
This convergence between faculty experience and the wider ev-
idence base reinforces the argument that the hallucination, ac-
countability and integrity risks examined in this review are not 
merely theoretical but are already shaping how educators adopt 
the technology.

3   |   ChatGPT in Clinical Nursing Practice

3.1   |   Clinical Reasoning and Symptom Assessment

Clinical reasoning and symptom assessment represent the in-
terpretive core of nursing practice, requiring the transformation 
of evolving patient data into safe and accountable decisions. 
Emerging research suggests that large language models (LLMs) 
may assist in preliminary reasoning tasks by summarizing 
symptom descriptions, generating differential considerations 
and referencing general clinical guidelines (Shin et al. 2024; Yu 
et  al.  2026). In simulation-based and quasi-experimental edu-
cational settings, AI-assisted reasoning has been associated 
with increased analytic confidence and structured reflection 
among nursing learners, indicating potential value as a cogni-
tive scaffold during early stages of reasoning development (Saad 
et al. 2025; Shin et al. 2024).

However, empirical evidence consistently demonstrates that per-
formance is highly context-dependent. LLMs tend to perform 
adequately when reasoning about common, well-documented 
conditions but show marked deterioration in specialized or data-
sparse clinical domains (Choi et al. 2024; Geracitano et al. 2025). 
Studies examining symptom interpretation reveal that AI sys-
tems may produce plausible yet incomplete or inaccurate conclu-
sions, particularly when nuanced clinical judgement is required. 
Diamond et  al.  (2024) demonstrated that generative AI strug-
gled to reason over nursing flowsheet data, highlighting the gap 

between linguistic fluency and genuine clinical understanding. 
A structural explanation for these failures lies in the phenome-
non of hallucinations, confidently generated but factually incor-
rect outputs arising from probabilistic language modelling rather 
than grounded clinical reasoning (Ji et al. 2023). In healthcare 
contexts, such hallucinated statements may appear persuasive 
while lacking evidentiary support, posing safety risks if accepted 
uncritically (Meskó and Topol 2023).

A further limitation concerns the dynamic nature of clinical 
reasoning. Follow-up investigations indicate that LLM recom-
mendations often remain static when new patient information 
is introduced, failing to recalibrate hypotheses in response to 
evolving clinical contexts (Geracitano et al. 2025). This rigidity 
contrasts with the iterative reasoning demanded in real patient 
care, where symptom trajectories require continuous reassess-
ment. Educational use without explicit supervision therefore 
risks reinforcing fixed interpretive shortcuts instead of adaptive 
clinical thinking (Gunawan et al. 2024).

From an educational perspective, the value of AI lies in its ca-
pacity to function as a dialogic reasoning partner rather than 
an authoritative decision-maker. When embedded within su-
pervised simulation and debriefing environments, AI-generated 
differentials can prompt comparison, critique and metacogni-
tive reflection, strengthening learners' awareness of uncertainty 
and professional accountability (Ammenwerth and Zwan 2025; 
Jang et al. 2025). Students themselves report ambivalent trust in 
AI outputs, recognizing usefulness while rejecting substitution 
for human judgement (Gunawan et al. 2024). This ambivalence 
may serve as a productive pedagogical entry point for teaching 
epistemic vigilance and verification practices.

Normatively, integration of generative AI into symptom assess-
ment education requires explicit safeguards. Learners must be 
trained to treat AI suggestions as provisional hypotheses requir-
ing validation against clinical evidence and professional stan-
dards (Watson et  al.  2025). Educators retain responsibility for 
modelling diagnostic reasoning, supervising AI-assisted exer-
cises and ensuring that independent judgement remains central 
to decision-making (Hersh 2025). Under these conditions, LLMs 
may enrich exposure to reasoning scenarios without displacing 
the ethical and cognitive foundations of nursing practice. The 
challenge is not technological adoption per se, but disciplined in-
tegration that preserves human accountability while leveraging 
AI as an educational amplifier.

3.2   |   Emergency Nursing and Triage

In acute care settings, such as emergency departments (EDs), 
often defined by high patient volumes, clinical complexity and 
time-critical decision-making, LLMs such as ChatGPT present 
a potentially ideal implementation setting. Offering solutions for 
common challenges in acute care such as real-time documen-
tation, rapid access to up-to-date evidence and the creation of 
plain-language patient education materials, these tools have the 
potential to alleviate the substantial cognitive load and stress-
related burnout experienced by many acute care nurses and 
other healthcare professionals (Sarraf and Ghasempour  2025; 
Szymczyk et al. 2024).
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Despite these potential benefits, research on ChatGPT in 
emergency care settings remains limited, particularly in the 
nursing domain and studies that do exist report inconsistent 
performance (Mu and He  2024). Meyer and Meyer  (2025) 
synthesized findings from ten experimental studies evaluat-
ing ChatGPT for ED triage—the most extensively examined 
application to date. Six studies reported diagnostic accu-
racy comparable to medical residents or closely aligned with 
gold-standard triage practices, whereas four studies identi-
fied significant performance limitations, with only moder-
ate agreement with established triage procedures. Arslan 
et  al.  (2025) conducted a single-site comparative study of 
ChatGPT Plus, Copilot Pro and triage nurses, finding similar 
overall accuracy across groups (65.2% for nurses, 66.5% for 
ChatGPT and 61.8% for Copilot). Although triage alignment 
is similar between LLM and healthcare professionals, find-
ings are emerging suggesting that ChatGPT has a tendency 
to over-triage patients to higher acuity levels than warranted 
(Masanneck et al. 2024). It remains unclear whether this pat-
tern is intrinsic to LLMs or reflects intentional design choices 
that favour caution.

Kaboudi et al. (2024) further detailed these discrepancies, noting 
that ChatGPT occasionally underestimated the urgency of cer-
tain emergency scenarios or was unable to provide a diagnosis of 
rare conditions and at times, produced unsafe triage recommen-
dations. Other studies similarly indicate that the model may over-
look red-flag symptoms or misinterpret subtle contextual cues, 
suggesting that it is not currently suitable for autonomous triage 
decisions (Wang, Zhang, et al. 2024). Further compounding con-
cerns, ChatGPT can occasionally generate reasonable-sounding 
but incorrect information (hallucinations) (Antonie et al. 2025). 
This makes it difficult for clinicians to distinguish accurate con-
tent from misinformation. In the fast-paced ED environment, 
where providers rely on precise, up-to-date evidence for critical 
decisions, time spent verifying unsupported findings would ren-
der the tool more burdensome than beneficial.

Despite these potential benefits, substantial challenges must 
be addressed before widespread adoption in acute care set-
tings is feasible. ChatGPT's reliance on probabilistic language 
generation raises concerns about the reliability of its outputs, 
particularly in complex clinical situations where even minor 
inaccuracies may lead to inappropriate triage decisions or di-
agnostic errors. To advance safe and effective integration, fur-
ther setting-specific research—particularly studies reflecting 
the multidisciplinary nature of the ED and acute care settings 
and the central role of nurses—is essential to robustly evaluate 
ChatGPT's performance.

3.3   |   Patient Communication and Education

Large language models (LLMs) can support nurses in patient 
communication by translating complex medical terminology 
into accessible language adjusted to different levels of health 
literacy. Clear and comprehensible communication is central to 
nursing practice, influencing patient safety, adherence to treat-
ment and self-management outcomes. Tools such as ChatGPT 
have therefore been evaluated for their ability to generate 
patient-oriented educational content.

Yeo et al. (2023) assessed ChatGPT's performance in answering 
patient questions regarding cirrhosis and hepatocellular car-
cinoma and found that responses were generally accurate and 
understandable, although variability in completeness was ob-
served. These findings suggest that LLMs may serve as support-
ive tools in preparing educational materials related to chronic 
diseases.

Evidence from health communication research indicates that 
LLMs can reduce the reading level of complex patient education 
materials. Will et  al.  (2025) demonstrated that large language 
models significantly improved the readability of online patient 
education texts while preserving essential clinical content. 
Similarly, Swisher et  al.  (2024) showed that ChatGPT-revised 
patient handouts achieved improved readability scores com-
pared with original versions, although expert review remained 
necessary to ensure accuracy and contextual adequacy.

A scoping review by Aydin et  al.  (2024) synthesizing applica-
tions of LLMs in patient education concluded that these tools 
may enhance accessibility and engagement but identified per-
sistent concerns regarding factual accuracy, bias and variability 
across medical specialties. These findings are consistent with 
specialty-specific evaluations, which report improved linguistic 
simplification but inconsistent depth and completeness of clini-
cal information.

Concerns regarding quality and reliability remain significant. 
Fahy et al. (2024) identified inconsistencies in content precision 
and omissions of relevant safety information in AI-generated 
materials related to platelet-rich plasma therapy. More broadly, 
studies evaluating AI-generated medical information highlight 
the risk of incomplete guidance, lack of contextualisation and 
insufficient emphasis on contraindications or region-specific 
recommendations.

In nursing practice, such limitations have direct implications 
for patient safety, informed consent and health outcomes. 
Therefore, AI-generated materials should be treated as pre-
liminary drafts subject to professional verification, contextual 
adaptation and alignment with evidence-based guidelines. The 
responsibility for accuracy, ethical appropriateness and cultural 
adaptation remains with the nurse.

Overall, ChatGPT and related LLMs demonstrate potential as 
adjunct tools to enhance patient communication and education 
within clinical nursing practice; however, their implementation 
requires structured oversight and critical evaluation to mitigate 
risks associated with misinformation and variable quality.

Evidence from highly specialized clinical fields further illus-
trates both the expanding scope and the conditional nature of 
these applications. In paediatric oncology nursing, Çınar Özbay 
et  al.  (2026) explored paediatric nurses' perspectives on the 
growing role of artificial intelligence in this setting and reported 
that nurses recognized meaningful potential for AI-supported 
clinical decision-making and for the preparation of patient 
and family education materials, while raising substantive eth-
ical concerns and pointing to new competencies that nurses 
in highly specialized fields will need in order to appraise and 
supervise AI-generated content. These observations mirror the 
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pattern documented across the general clinical literature: the 
more specialized, data-sparse and ethically sensitive the clini-
cal context, the greater the need for rigorous human oversight, 
domain-specific validation and targeted education before gener-
ative AI can safely inform direct patient care.

4   |   ChatGPT in Nursing Workflow: 
Documentation, Care Plans and Administrative 
Tasks

4.1   |   Documentation Efficiency

Nursing documentation is foundational to continuity of care, 
interprofessional communication, quality assurance and 
medico-legal accountability, yet it remains one of the principal 
contributors to workload and professional stress. LLMs such as 
ChatGPT offer novel opportunities to enhance documentation 
efficiency by automating routine writing tasks, structuring nar-
rative text and tailoring language to diverse audiences (Zaretsky 
et  al.  2024). Within this context, ChatGPT has been explored 
as a drafting assistant for clinical notes, discharge summaries, 
handover reports and patient education materials, thereby real-
locating nurses' time from administrative burdens to direct pa-
tient care (Bracken et al. 2025).

Emerging evidence indicates that AI-generated documenta-
tion can approach the quality of clinician-authored texts under 
controlled conditions. In a feasibility study using mock patient 
vignettes, Clough et al. (2024) found that general practitioners 
rated ChatGPT-generated discharge summaries as acceptable 
and comparable to those produced by junior doctors. Similarly, 
other studies have demonstrated that generative AI can organize 
clinical information coherently, enhance clarity and standardize 
structure, thereby supporting greater consistency in documen-
tation practices (Ganzinger et al. 2025; Perkins et al. 2024). For 
nursing practice, potential applications include transforming 
technical terminology into patient-friendly language, gener-
ating preliminary notes from bullet-point data and producing 
template-based narratives that nurses can adapt and verify (Ju 
et al. 2025; Zaretsky et al. 2024).

Nevertheless, significant safety and ethical concerns per-
sist. Because ChatGPT relies on probabilistic text generation 
rather than genuine clinical reasoning, it may introduce hal-
lucinations—fabricated clinical details, erroneous temporal 
sequences, or recommendations that contradict established 
guidelines (Asgari et al. 2025). Even minor inaccuracies, if un-
reviewed, can compromise patient care and legal accountability. 
Consequently, scholars emphasize a human-in-the-loop model 
wherein nurses retain ultimate responsibility for reviewing, ed-
iting and validating AI-produced content before integration into 
clinical records (Bakken 2023; Perkins et al. 2024).

Data protection and regulatory compliance further constrain 
real-world implementation. Entering identifiable health data 
into publicly accessible AI platforms may breach confidentiality 
standards and violate data protection laws such as the General 
Data Protection Regulation (GDPR) within the European Union 
(Y. Chen and Esmaeilzadeh  2024). To mitigate this risk, re-
searchers propose the adoption of institutionally hosted or 

enterprise-grade AI systems equipped with secure infrastruc-
tures, traceable audit mechanisms and well-defined governance 
frameworks that delineate authorized use, roles and account-
ability (Dennstädt et al. 2025).

Within these governance boundaries, ChatGPT also shows po-
tential in supporting broader administrative functions—such as 
summarizing meetings, drafting correspondence and prepar-
ing policy documentation—which can further ease the docu-
mentation burden (Y. Chen and Esmaeilzadeh  2024). Overall, 
literature positions generative AI not as a replacement for pro-
fessional documentation but as a complementary instrument 
capable of enhancing efficiency when embedded within robust 
ethical, institutional and regulatory safeguards (Y. Chen and 
Esmaeilzadeh 2024; Clough et al. 2024; Perkins et al. 2024).

4.2   |   Care Planning

Recent literature examining ChatGPT's application in nursing 
care plan development reveals significant limitations that un-
derscore the necessity for human oversight and verification. 
While large language models demonstrate proficiency in re-
trieving and organizing clinical knowledge, their capacity to 
produce clinically sound, individualized nursing care plans re-
mains constrained by several critical factors.

First, ChatGPT exhibits substantial limitations in clinical rea-
soning depth and contextualization. Studies indicate that AI-
generated care plans often lack the nuanced clinical judgement 
required to prioritize interventions based on individual patient 
complexity, comorbidities and psychosocial factors (Dağci 
et  al.  2024; Sallam  2023; Thirunavukarasu et  al.  2023). The 
technology tends to produce generic, textbook-like responses 
that fail to capture the holistic assessment fundamental to 
nursing practice, particularly when addressing patients with 
multi-morbidity or atypical presentations (Cascella et al. 2023; 
Sblendorio et al. 2024).

Second, significant concerns emerge regarding accuracy and po-
tential for clinical errors. Research demonstrates that ChatGPT 
can generate plausible-sounding but factually incorrect recom-
mendations, a phenomenon known as ‘hallucination’ (Lecler 
et  al.  2023). Dağci et  al.  (2024) specifically evaluated nursing 
care planning texts generated by ChatGPT and found concern-
ing issues with reliability and quality that necessitate careful 
verification. The model's inability to access real-time patient 
data, current clinical guidelines, or institutional protocols fur-
ther compromises its reliability, with documented instances of 
outdated practices or misalignment with evidence-based stan-
dards (Kung et al. 2023; Sblendorio et al. 2024; Thirunavukarasu 
et al. 2023).

Third, ChatGPT demonstrates limited capacity for person-
centered care planning. Nursing care plans require integra-
tion of patient preferences, values, cultural considerations and 
individual goals—dimensions that AI struggles to incorporate 
meaningfully (Dağci et  al.  2024; Sallam  2023). Effective care 
planning extends beyond clinical data to encompass therapeutic 
relationships, patient advocacy and ethical deliberation, compe-
tencies that remain distinctly human (Cascella et al. 2023).
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Additionally, researchers highlight concerns regarding pro-
fessional accountability and liability when AI-generated con-
tent is used without thorough validation (Thirunavukarasu 
et al. 2023). Sblendorio et al. (2024) emphasize the necessity of 
integrating human expertise with automated methods for dy-
namic evaluation of large language models' feasibility in clinical 
decision-making.

The emerging consensus advocates for a collaborative human-AI 
model rather than autonomous AI application. Scholars recom-
mend that ChatGPT be positioned as a supportive tool requiring 
rigorous nurse validation, adaptation to individual patient con-
texts and integration with clinical expertise (Dağci et  al.  2024; 
Sallam 2023; Thirunavukarasu et al. 2023). This approach pre-
serves essential clinical judgement, ethical reasoning and thera-
peutic presence that define professional nursing practice.

4.3   |   Administrative and Organizational Benefits

Studies have demonstrated that ChatGPT can support admin-
istrative tasks such as drafting emails, summarizing meeting 
notes and converting complex documents into different formats 
and in some instances different languages (Jo and Park  2024; 
Shojaei et al. 2024). A systematic review by Bracken et al. (2025) 
of 11 studies evaluating AI-driven documentation systems, 
including ChatGPT and ambient AI technologies showed sig-
nificant improvements in documentation efficiency, reducing 
administrative burden for clinicians. Healthcare professionals 
also reported reduced task load, improved ease of use and en-
hanced workflow efficiency yet expressed concerns about the 
reliability and validity of AI-generated documentation.

In addition, some research also suggests that ChatGPT can add 
an extra layer of support providing unbiased decision-making 
in certain contexts by avoiding gender or socioeconomic bias. 
For example, a study compared ChatGPT with 1249 primary 
care physicians on depression management and found ChatGPT 
showed no gender or socioeconomic bias in recommending 
psychotherapy or antidepressants, whereas physicians demon-
strated bias in that women were often prescribed fewer anti-
depressants than men (Levkovich and Elyoseph 2023). Yet the 
authors of these studies caution that isolated neutrality does 
not guarantee systemic fairness (Bracken et  al.  2025; Shojaei 
et al. 2024).

At an organizational level, ChatGPT and other LLMs may offer 
further benefits by strengthening the education and training 
pipeline for healthcare professionals. In medical education, 
ChatGPT has been demonstrated to enhance learning for med-
ical students by generating concise, accessible explanations of 
complex medical concepts, reducing reliance on lengthy tradi-
tional texts and enabling more efficient knowledge acquisition 
(Wu et  al.  2024). Additionally, it supports the development of 
multilingual digital learning resources, such as interactive tu-
torials and instructional videos, broadening access to high-
quality training materials (McGee et  al.  2024). Comparable 
gains have been demonstrated in nursing education. A cross-
sectional study of Bachelor of Nursing students in Spain found 
that learners who used ChatGPT experienced significant im-
provements in academic grades, with 89.5% reporting enhanced 

academic performance (Gonzalez-Garcia et  al.  2025). Notably, 
women nursing students perceived ChatGPT as particularly 
helpful for completing academic tasks, highlighting its poten-
tial to offer equitable, personalized learning support. These ed-
ucational benefits have broader implications for addressing the 
global healthcare workforce shortage. By accelerating learning, 
improving academic outcomes and expanding access to educa-
tional materials across languages and regions, ChatGPT may be 
able to help scale the training of healthcare professionals more 
efficiently than traditional methods alone. This capability is es-
pecially important for countries facing acute shortages of physi-
cians, nurses and allied health workers.

5   |   Ethical, Legal and Professional Considerations

5.1   |   Accuracy and Safety

The integration of ChatGPT and large language models (LLMs) 
in contemporary nursing practice raises critical ethical, legal 
and professional considerations centered on accuracy and 
safety. Hallucinations—confident but incorrect statements gen-
erated by AI systems—pose significant risks to clinical nursing 
care. Even small inaccuracies can lead to unsafe care if not iden-
tified by clinicians, highlighting the potential for cascading er-
rors when flawed AI-generated recommendations enter clinical 
workflows (Alkaissi and McFarlane 2023; Chelli et al. 2024).

Numerous studies document the presence of hallucinations 
across critical nursing domains. Siontis et al. (2024) explore the 
humanlike nature of ChatGPT's hallucinations, noting that the 
model's ability to generate plausible yet incorrect clinical content 
creates substantial verification burdens for healthcare profes-
sionals. Colakca et al. (2024) evaluated ChatGPT's performance 
in emergency department triaging and identified concerning 
inaccuracies that could compromise patient safety during time-
sensitive decisions. Dağci et  al.  (2024) examined nursing care 
planning texts generated by ChatGPT and found significant reli-
ability and quality issues. Research demonstrates hallucination 
rates exceeding 25% in systematic review reference generation 
(Chelli et al. 2024) and up to 83% in clinical vignettes containing 
fabricated details (Asgari et al. 2025), underscoring the perva-
sive nature of this threat to clinical accuracy.

These findings create substantial ethical obligations for nurses 
and healthcare institutions. The principle of non-maleficence 
demands rigorous validation protocols before implementing AI 
recommendations in practice (Armitage 2025). Professional ac-
countability standards require that nurses maintain competence 
and ensure accuracy in all clinical decisions, including those 
informed by AI tools (American Nurses Association  2022). 
Legally, the use of LLM-generated content without adequate 
verification may expose practitioners and institutions to mal-
practice liability, particularly when errors result in patient harm. 
However, determining responsibility when an LLM contributes 
to diagnostic errors or adverse outcomes remains complex and 
currently lacks clear legal precedent, creating an accountability 
vacuum that poses significant risks (Jung 2025).

The phenomenon of hallucinations also raises questions 
about informed consent and patient autonomy. When AI tools 
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contribute to care planning, patients have the right to under-
stand the role of technology in their care and the potential for 
computational errors. Professional nursing organizations in-
creasingly emphasize that LLMs should serve only as adjunct 
tools, with final clinical decisions remaining under human pro-
fessional judgement (American Nurses Association 2022). The 
literature converges on a consensus that mitigating AI-related 
risks requires comprehensive human oversight, mandatory 
verification protocols, institutional governance frameworks 
and ongoing professional education. Patient safety, clinical ac-
countability and ethical nursing practice must take precedence 
over technological convenience (Fareed et  al.  2025; Welch 
et al. 2026).

5.2   |   Confidentiality and GDPR

The use of public AI platforms poses risks for patient confiden-
tiality. Uploading any identifiable clinical data into external sys-
tems violates privacy standards and may breach GDPR within 
the EU. Nursing organizations must establish policies for safe AI 
use, including institutionally hosted models and clear guidelines 
for staff.

The integration of artificial intelligence into healthcare is in-
creasingly seen as a game-changer that can boost diagnostic ac-
curacy, aid in clinical decision-making and ultimately improve 
patient outcomes. However, as AI applications, including large 
language models like ChatGPT, continue to grow rapidly, we 
need to approach their use with careful ethical and regulatory 
consideration Almufarreh et  al.  (2025). Without unified stan-
dards and strong oversight, rolling out these technologies could 
lead to inconsistent clinical practices, legal uncertainties and po-
tential risks to patient safety (Gaddas et al. 2025). Tackling these 
issues calls for not just updated regulatory frameworks, but also a 
fresh look at professional accountability, risk management strat-
egies and how we evaluate AI-driven interventions.

The World Health Organization (WHO) has laid out six guid-
ing principles for the ethical use of AI in healthcare (Goodman 
et  al.  2023): protecting autonomy; promoting welfare, safety 
and the public good; ensuring transparency and explainabil-
ity; maintaining accountability; fostering inclusivity and eq-
uity; and being responsive and sustainable. These principles 
serve as a solid foundation for responsible innovation and im-
plementation. When it comes to autonomy, AI systems should 
be designed in line with established ethical standards and fun-
damental human rights (Pham  2025). Their role should be to 
support, not replace, clinical judgement and patient involvement 
in decision-making. Respecting autonomy means not only en-
abling informed choices but also ensuring strong data protec-
tion, confidentiality and the validity of informed consent. These 
protections need to be backed by clear and enforceable legal 
frameworks that govern digital health technologies.

Regarding welfare and safety, AI tools must go through thor-
ough validation before they are used in clinical settings, proving 
their reliability, accuracy and effectiveness (Park et  al.  2021). 
Regulatory compliance should not stop at initial approval; it 
should also include ongoing monitoring and evaluation to en-
sure these tools continue to meet safety and efficacy standards.

5.3   |   Bias and Fairness

LLMs reflect biases from their training data. Although some 
studies show neutral outputs in specific tasks, this does not mit-
igate broader systemic biases. Ensuring equitable performance 
requires ongoing evaluation and careful deployment in sensitive 
clinical contexts.

Bias can be understood as a systematic distortion in judgement 
or decision-making that produces inequitable or unjust out-
comes (Cross et al. 2024). Within the field of AI, bias does not 
emerge from a single source; rather, it may be embedded at mul-
tiple stages of the system's lifecycle. It can originate during data 
collection, be reinforced through algorithmic design choices, or 
be introduced through the ways in which users interpret and 
apply AI-generated outputs (Hasanzadeh et al. 2025).

Machine learning models, in particular, are especially sensitive 
to this issue. Because they identify and generalize patterns from 
historical datasets, they may inadvertently absorb and repro-
duce existing social, cultural, or structural inequalities reflected 
in those data. When deployed in real-world contexts—especially 
in healthcare—such distortions can translate into discrimina-
tory recommendations, unequal access to services, or systemati-
cally different outcomes across population groups.

Bias in AI systems has the potential not only to reproduce ex-
isting social inequalities, but also to intensify them (Norori 
et  al.  2021). When embedded in healthcare or other essential 
services, biased algorithms may disadvantage already margin-
alized groups, restricting access to care or influencing deci-
sions in ways that systematically penalize certain populations. 
Beyond reinforcing well-known gender stereotypes, AI-driven 
processes can generate new discriminatory patterns linked to 
skin colour, ethnicity, or other physical characteristics, partic-
ularly when these attributes are implicitly encoded in training 
data (Belenguer 2022).

To address these concerns, researchers and practitioners have 
proposed several technical strategies for bias mitigation (Nazer 
et al. 2023). Interventions may occur at different stages of the 
AI lifecycle: during data pre-processing (e.g., through rebal-
ancing or data augmentation), at the modelling stage (through 
fairness-aware algorithms), or after model deployment (via 
post-processing adjustments to outputs). Despite these efforts, 
significant challenges remain. Training datasets are often in-
sufficiently diverse, making it difficult to correct structural 
imbalances. Moreover, bias itself is not always easy to detect 
or quantify, as different metrics may capture different—and 
sometimes conflicting—dimensions of unfairness. In practice, 
improving fairness can also require trade-offs with other per-
formance indicators, such as predictive accuracy. Ethical ques-
tions therefore arise regarding which forms of bias should be 
prioritized and which social groups should receive particular 
protection.

The concept of fairness in AI, such as ChatGpT is conse-
quently complex and contested (Ueda et  al.  2024). Although 
it is commonly understood as the absence of unjust discrim-
ination, the operationalization of fairness depends on the 
criteria adopted and the context in which the system is used. 
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The literature distinguishes among several approaches. Group 
fairness focuses on ensuring that outcomes are distributed eq-
uitably across defined demographic groups (Van Der Meijden 
et  al.  2025). Within this framework, notions such as demo-
graphic parity aim to prevent disproportionate allocation of 
positive or negative outcomes among groups. Individual fair-
ness, by contrast, is grounded in the principle that similar 
individuals should be treated in similar ways, irrespective of 
group membership (Anderson and Visweswaran  2024). This 
perspective often relies on similarity-based metrics designed 
to compare individuals with comparable characteristics. More 
recently, counterfactual fairness has been proposed, empha-
sizing that outcomes should remain stable even if sensitive 
attributes—such as gender or ethnicity—were hypothetically 
altered.

Taken together, these perspectives highlight that fairness in AI 
cannot be reduced to a single technical adjustment. Rather, it re-
quires ongoing normative reflection, methodological rigour and 
contextual evaluation, particularly in high-stakes domains such 
as healthcare.

5.4   |   Professional Responsibility

The integration of large language models (LLMs) into clinical 
nursing practice raises important questions regarding profes-
sional responsibility, accountability and autonomy. While AI 
tools such as ChatGPT may enhance efficiency and support as-
pects of care delivery, excessive reliance on algorithm-generated 
content risks diminishing clinicians' independent judgement 
and critical thinking. Nursing is a profession grounded in au-
tonomous clinical reasoning and ethical accountability, compe-
tencies that cannot be delegated to automated systems without 
compromising safe, person-centered care (Wang et al. 2023).

Several authors analysing the role of AI in health professions 
caution that the fluent and polished language characteristic 
of LLM outputs may create a false sense of accuracy, which 
in turn can erode critical thinking among students and staff 
if uncritically accepted (Abujaber et  al.  2023; O'Connor and 
ChatGPT  2023). Abujaber et  al.  (2023) highlighted the poten-
tial threat that ChatGPT and similar tools pose to the develop-
ment of autonomous clinical judgement in nursing education, 
emphasizing that learners must be trained to critically appraise 
AI-generated information rather than accept it at face value. 
O'Connor and ChatGPT (2023) similarly argued that generative 
AI platforms can function as tools for academic progress or as 
mechanisms that encourage superficial reasoning and misuse, 
depending on the presence of oversight and guidelines.

From an ethical perspective, overreliance on AI also risks un-
dermining the humanistic and relational dimensions of care. 
Analyses of ethical concerns in healthcare settings emphasize 
that uncritical adoption of AI can weaken compassion, disrupt 
professional patient relationships and erode trust if the clini-
cian's role becomes secondary to algorithmic suggestion (Wang 
et al. 2023). Ensuring transparency about AI use, preserving the 
clinician's authority in final decision-making and maintaining 
active professional engagement with patients are therefore crit-
ical considerations.

Legal and regulatory frameworks further underscore the 
non-delegable nature of professional responsibility. Current 
guidelines for AI deployment in healthcare emphasize that 
clinicians must retain ultimate authority over diagnosis and 
treatment decisions and that users of high-risk AI systems 
should possess the competencies necessary to evaluate and in-
tervene in automated recommendations. In nursing practice, 
this translates into the obligation to interpret, verify and con-
textualize AI outputs rather than treating them as definitive 
clinical guidance.

Moreover, broader ethical principles such as accountability, 
transparency and explainability are being incorporated into 
international frameworks for trustworthy AI in healthcare, re-
inforcing the imperative that professional judgement remains 
central to clinical practice (Lekadir et al.  2025). These frame-
works advocate for ongoing ethical scrutiny, including human 
oversight and clear allocation of responsibility, to ensure that 
the adoption of AI does not compromise professional standards.

In sum, while ChatGPT and other LLMs may augment spe-
cific tasks in nursing, maintaining professional responsibil-
ity requires that nurses use these tools as supportive aids, not 
substitutes for clinical judgement. Clear institutional policies, 
education in digital and AI literacy and reinforcement of re-
flective practice are essential to preserve autonomy, safeguard 
patient trust and uphold the ethical foundations of the nursing 
profession (Lekadir et al. 2025; Wang et al. 2023).

5.5   |   Beyond ChatGPT: Comparative Evidence 
Across Contemporary LLMs

Although this review, consistent with the published litera-
ture, draws predominantly on studies of ChatGPT, the con-
clusions should be read against the broader and rapidly 
diversifying landscape of large language models, including 
Claude (Anthropic), Gemini (Google), Copilot (Microsoft) and 
open-weight models such as Llama (Meta). Direct comparative 
evidence in nursing remains scarce but is beginning to emerge. 
In a 100-question nursing competency examination, Dilan 
S. Hiwa et  al.  (2024) found that Microsoft Copilot achieved 
the highest accuracy (84%), followed by ChatGPT-3.5 (77%), 
Gemini (75%) and Llama 2 (68%), with no single system an-
swering all items correctly and each model uniquely answering 
at least one question that the others missed. In emergency tri-
age, Arslan et al. (2025) reported broadly comparable accuracy 
between ChatGPT Plus, Copilot Pro and triage nurses, as dis-
cussed earlier in this review. Outside nursing, a Polish compar-
ative study of medical and dental licensing examinations found 
that Claude achieved the highest accuracy of the models tested 
and, importantly, that performance varied significantly with 
the language of the prompt and the specialty examined, with 
Gemini performing markedly worse in Polish than in English 
(Wójcik et al. 2025).

Taken together, this emerging comparative literature indicates 
that the strengths and failure modes described in this review, 
including hallucination, inconsistency across repeated queries 
and degradation in specialized domains, are properties of the 
current generation of LLMs as a class rather than of ChatGPT 
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alone, while the magnitude of these problems is conditional on 
the specific model, its version, the task and the language of use. 
Two implications follow. First, findings obtained with ChatGPT 
cannot be assumed to transfer to other models and vice versa, 
so institutional procurement and governance decisions should 
require local, task-specific and language-specific validation of 
whichever system is deployed. Second, the sensitivity of model 
performance to prompt language is directly relevant to non-
English-speaking nursing workforces, including the Central 
European context discussed in this review and argues for mul-
tilingual evaluation as a standard component of future nursing 
research on generative AI.

5.6   |   Critical Synthesis Across Domains

Read together, the five domains describe a single underlying pat-
tern rather than five separate literatures. Across education, clin-
ical reasoning, triage, communication, documentation and care 
planning, the usefulness of ChatGPT tracks a common gradient 
defined by two properties of the task: how far it depends on lan-
guage as opposed to dynamic clinical judgement and how read-
ily its output can be verified before it reaches a patient. Utility is 
highest and most consistent for language-centric, lower-stakes, 
verifiable tasks such as simplifying patient-education materials, 
drafting and restructuring documentation and summarizing ad-
ministrative content and it declines steadily as tasks demand the 
integration of evolving patient data, individualized reasoning 
and accountable decision-making, as in symptom assessment, 
triage and care planning. The same failure mode recurs at every 
point on this gradient, namely fluent but unsupported output, 
or hallucination, amplified by automation bias and the same 
safeguard recurs in every domain, namely human-in-the-loop 
verification supported by institutional governance and AI liter-
acy. This task-by-verifiability framework links the educational, 
clinical, workflow and ethical sections into one account and ex-
plains why the literature converges on augmentation rather than 
substitution.

Several genuine tensions in the evidence should not be smoothed 
over. Reported performance in emergency triage is openly con-
tradictory, with some studies finding accuracy comparable to 
residents or to gold-standard practice and others finding only 
moderate agreement, alongside opposing error tendencies of 
over-triage in some samples and unsafe under-triage in others. 
The evidence on bias is similarly divided, since demonstrations of 
apparent neutrality on isolated tasks, such as the absence of gen-
der bias in one depression-management comparison, sit beside 
well-documented systemic bias arising from training data and the 
former cannot be generalized to the latter. In education, the same 
tool that improved grades, engagement and satisfaction is also 
identified as a threat to the critical thinking and epistemic own-
ership on which safe practice depends and in documentation, 
output rated comparable to that of junior clinicians coexists with 
fabricated clinical detail in other reports. These contradictions 
are not noise to be averaged away but signals that performance 
is conditional on task type, model version, clinical complexity 
and study design, which is precisely why uniform claims about 
ChatGPT in nursing are untenable and why setting-specific eval-
uation and human verification remain essential.

6   |   Implications for Nursing

The Polish health-care system faces challenges such as work-
force shortages, administrative overload and accelerating digi-
tal transformation. Artificial intelligence technology that uses 
LLM like ChatGPT has the potential to fundamentally change 
nursing education, clinical practice and clinical leadership 
(Srinivasan et al. 2024; Zhou et al. 2024). For nursing educators, 
effective use of ChatGPT can be helpful in the creation of exam 
questions that are in alignment with regulatory test structure 
(Hargett et al. 2026). ChatGPT can assist nursing educators in 
generating clinical simulation scenarios with greater efficiency 
(Reid 2025). Moreover, the use of ChatGPT by nurse educators 
enhances student engagement and satisfaction with learning 
(Gonzalez-Garcia et al. 2025). With respect to clinical practice, 
the use of ChatGPT has been shown to significantly reduce 
the time spent documenting care while maintaining sufficient 
documentation quality (C.-J. Chen et  al.  2024). ChatGPT also 
can be used to generate and modify quality education materi-
als used in patient and family teaching (Tian Tran et al. 2024). 
Finally, ChatGPT is used by the majority of nurses working in 
clinical care and especially by nursing supervisors who use it 
to help make their administrative tasks more completed more 
efficiently (Lin et al. 2025).

Despite numerous existing and emerging prospects for the use 
of ChatGPT in nursing education and practice, there remain 
important ethical and professional alignment concerns (Abou 
Hashish et al. 2025; Cho Kwan et al. 2025). As such, safe adop-
tion of ChatGPT in nursing requires the consideration of sev-
eral guide rails. First, a nurse is ethically and, in most instances, 
legally responsible for every action taken even if ChatGPT was 
used to assist in clinical decision-making (American Nurses 
Association 2022). As such, ChatGPT and related LLMs should 
be considered as co-pilots to nurses, never as a replacement to 
expert nursing practice. Nurses have an ethical duty to provide 
human-centered care and as such any automation cannot result 
in displacement of a nurse in the caring proces (Abou Hashish 
et  al.  2025). Second, nursing education lags behind on ensur-
ing that the nursing workforce is prepared for the integration of 
ChatGPT and related LLMs. As a result, most nursing graduates 
lack the training and experience to use ChatGPT and related 
LLMs safely and effectively (Cho Kwan et al. 2025). Third, data 
security remains a major barrier to implementation of ChatGPT 
and other LLMs into clinical care, largely due to uncertainties 
about access, integration and protection of protected health in-
formation (Abou Hashish et  al.  2025; Cho Kwan et  al.  2025). 
National guidance and institution-specific policies on the use 
of closed-loop versus public versions of artificial intelligence 
technology that uses LLM like ChatGPT would help with their 
implementation. Finally, numerous sources of bias and halluci-
nations plague even the most up-to-date LLMs (Haltaufderheide 
and Ranisch  2024). Therefore, nurses and other end users of 
ChatGPT and related LLMs must advocate for less error-ridden 
technologies before they can be safely integrated into clinical 
practice.

Taken together, these considerations can be condensed into a prac-
tical framework for the safe implementation of LLMs in nursing 
education and clinical practice, built on four mutually reinforcing 
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pillars. The first pillar is workforce preparation, comprising struc-
tured faculty development and AI literacy education that address 
model capabilities, limitations, bias, hallucination and data pri-
vacy for students, educators and practising nurses alike. The sec-
ond pillar is institutional policy, meaning explicit, written rules 
that specify which platforms may be used (favouring closed-loop, 
enterprise-grade deployments over public tools), require trans-
parent disclosure of AI use and ensure compliance with data 
protection obligations such as GDPR. The third pillar is human 
oversight, understood as mandatory human-in-the-loop verifica-
tion in which every AI-generated output, whether an examination 
question, a patient education leaflet, or a documentation draft, is 
treated as a preliminary draft requiring professional review before 
use. The fourth pillar is ethical governance, comprising standing 
oversight structures that monitor model performance over time, 
audit outputs for bias, define professional accountability for AI-
assisted decisions and review incidents in which AI-generated 
content contributed to error. Adopted together, these four pillars 
translate the evidence synthesized in this review into an action-
able pathway that allows nursing to capture the efficiency and ed-
ucational benefits of generative AI without compromising patient 
safety or professional standards.

7   |   Strengths and Limitations

This review has several strengths, including a synthesis that is 
current to March 2026, coverage of education, clinical practice 
and workflow within a single analytical framework and explicit 
attention to European regulatory constraints that are under-
represented in the predominantly Anglo-American literature. 
Nevertheless, important limitations must be acknowledged. 
First, as a narrative review, the synthesis did not include a for-
mal risk-of-bias assessment or quantitative pooling and the se-
lection and weighting of evidence necessarily involved expert 
judgement. Second, the field is evolving at an exceptional pace: 
large language models are updated continuously, often without 
public documentation of the changes, so performance figures re-
ported here are tied to specific model versions and may not reflect 
the systems available at the time of reading. Third, the evidence 
base is dominated by simulation studies, controlled vignettes 
and perception surveys, whereas real-world implementation re-
search with patient-level outcomes remains scarce, which limits 
the strength of any inference about safety and effectiveness in 
routine care. Fourth, publication bias is likely, since novel and 
positive findings about generative AI are more readily published 
than null or unfavourable results, and much of the literature has 
appeared in rapid-turnaround venues with variable peer review. 
Finally, the search was restricted to English-language publica-
tions and, reflecting the state of the literature, most included 
studies examined ChatGPT, so the findings may not generalize 
fully to other models or linguistic contexts.

8   |   Future Research Directions

The research agenda that follows from this synthesis extends well 
beyond the general call for patient safety evidence. Longitudinal 
implementation studies are needed that follow real-world de-
ployments of LLMs in clinical nursing environments over time 
and measure effects on documentation quality, workload, care 

processes and patient outcomes, rather than relying on single-
time-point simulations. In education, adequately powered prac-
ticing controlled trials of AI-supported teaching interventions 
should compare structured, supervised use of LLMs against 
conventional instruction, with clinical reasoning, knowledge 
retention and academic integrity as endpoints. Parallel work is 
required on measurement: validated instruments for assessing 
AI competency among nursing students, educators and prac-
ticing nurses do not yet exist and are a precondition both for 
curriculum evaluation and for workforce planning. Research 
should also support the development and empirical evaluation 
of nursing-specific AI governance frameworks, translating 
high-level regulatory instruments into auditable processes for 
verification, accountability and incident review at the level of 
wards and faculties. Finally, future studies should routinely 
benchmark multiple models and multiple languages rather than 
ChatGPT alone and should examine equity effects, including 
whether model performance differs across patient populations 
and linguistic groups.

9   |   Conclusions

ChatGPT offers promising opportunities to support nursing 
education, documentation, communication and workflow effi-
ciency. Evidence from published research suggests substantial 
benefits in generating educational materials, improving access 
to information, enabling interactive simulations and reducing 
administrative burden.

However, ChatGPT's limitations—including hallucinations, in-
accurate triage recommendations, shallow reasoning, fabricated 
references and privacy risks—make it clear that the tool must be 
used cautiously. ChatGPT is best positioned as an auxiliary sup-
port tool, never a substitute for professional nursing judgement.

As digital health continues to expand, nurses will play a critical 
role in shaping ethical, safe and effective integration of AI into 
practice. Developing AI literacy, robust governance frameworks 
and long-term evaluation strategies is essential for ensuring that 
generative AI enhances, rather than undermines, the founda-
tions of nursing care.
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